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* Could the greater spread in IDS be helpful
to identify relevant acoustic cues for vowel

METHODS

* Four connected speech corpora analyzed.: 4 categories?
« English IDS: Providence Corpus (Demuth et al. 2 2
2007; ~ 20K tokens) = T & ACKNOWLEDGMENTS
» English ADS: Buckeye Corpus (Pitt et al. 2007; = 2 L
~20K tokens) :i) S s This work was supported in part by NSF BCS-

« Spanish IDS: adult-child dyads recorded in lab 2028034 to MS. We also thank members of the

(Sundara et al. 2020; ~5K tokens) B0 135 1060 75  5G - . 5 5 150 125 100 75 6 12 12 10 5 UCLA Phonetics Lab for their feedback on this
work.

F2 (Barks) F2 (Barks)

« Spanish ADS: adult Spanish speakers (Kim &
Repiso-Puigdelliura 2021; ~5K tokens)

« Extracted F1, F2, F3 & duration in Voicesauce - i o BN REFERENCES
(Shue et aI., 2011) 0 2 a g Cristia, A., & Seidl, A. (2014). Journal of Child Language, 41(4), 913-934.
_ _ ﬁ D6 c . Demuth, K., Culbertson, J. & Alter, J. (2006). Language & Speech, 49,
* Indexing overlap between categories: c = 2 = 137-174. Pitt, M.A. Dilley, L., Johnson, K., Kiesling, S., Raymond, W.,
oy - _ _ g L 8’ LL- Hume, E. and Fosler-Lussier, E. (2007) [www.buckeyecorpus.osu.edu]
(a) Pillal scores (O - Complete 0Ver|ap, 1= ) 8- LL| Columbus, OH: Department of Psychology, Ohio State University

(Distributor). Feldman, N. H., Griffiths, T. L., Goldwater, S., & Morgan, J. L.
(2013). Psychological review, 120(4), 751. Kelley, M. C., & Tucker, B. V.
(2020). The Journal of the Acoustical Society of America, 147(1), 137-145.
Kim, J.-Y., & Repiso-Puigdelliura, G. (2021). Languages, 6 (1), 13. Liu, H.

no overlap e.g., Hays et al. 2006)
(b) KL divergence - machine learning

15 12 9 18 15 12 9

statistic to measure the difference 2 (Barks) 2 (Barks) 2 (Bare) "2 (Barks) M., Kuhl, P. K., & Tsao, F. M. (2003). Developmental science, 6(3), F1-F10.
between 2 distributions (O = combplete _ _ Ludusan, B., Mazuka, R., & Dupoux, E. (2021). Cognitive science, 45(5),
_ E P . Spanish (trained on 5.000 Samples). o EﬂglISh (tralned on 10,000 Samples): el12946. Martin, A., Schatz, T., Versteegh, M., Miyazawa, K., Mazuka, R.,
overlap; larger number = less overlap) ! ' . B ¢ F1 E2 F3 and durati Dupoux, E., & Cristia, A. (2015). Psychological science, 26(3), 341-347.
- . . : e Best performance on F1. F2 and duration est performance on ’ : and duration Shue, Y.-L., P. Keating , C. Vicenik, K. Yu (2011) VoiceSauce: A program
 Extracting vowel categories: Bayesian P ’ o . . .
e | = . L 3 4or5 f 5 es in IDS K US] « Learns 4 out of 9 categories in IDS for voice analysis, Proceedings of the ICPhS XVII, 1846-1849. Sundara,
model of distributional |earn|ng (Fe|dman et earns s, 4 or o out of o categories In (ask us!) ] = out of 9 cat s i ADS M., Ward, N., Conboy, B., & Kuhl, P. K. (2020). Bilingualism: Language and
. P ° Lealns o out or 9 Categories In Cognition, 23(5), 978-991. Trainor, L. J., & Desjardins, R. N. (2002).
al., 2013) Learns 4 out of 5 SEUSGENES r ADS Psychonomic bulletin & review, 9(2), 335-340.

182"d Meeting of the Acoustic Society of America, Denver, CO 23 May 2022



